CORDEX Regional Climate Models Performance in Present - day Climate for South Asia
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To evaluate the performances of the
RCMs participating in the CORDEX
South Asia evaluation & historical
experiments in comparison with those
of the AOGCMs participating in the

fifth phase of the Coupled Models
Intercomparison Project (CMIP5) to
facilitate multi -model intercomparison
over South Asia.

Data and Methods

Fig 1. The topography (km) over the domain
used for the CORDEX South Asia RCM
simulations with 0.44 ©° horizontal resolution.
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U AOGCMs skill in simulating the PAC amplitude (Fig. 7a)
& phase (Fig. 7b) varies for each sub -region.

Fig 8a. RMSE ., for RCM Evaluation experiments
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